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We then compute the ratio of the probability of x*/x. This is
calculated using the product of the likelihood and prior distributions.

« If the ratio of p(x*)/p(x) (also called the acceptance probability) is
greater than 1 we accept x* as the new position.

 Even if the acceptance probability is less than 1, we don’t
automatically reject x*. We flip a coin by selecting a random number,
from a Uniform(0,1) distribution. If the number is smaller than the
acceptance probability we accept x* if it is higher we reject x* and

9\ . l)o u - _l_uV '\ start the process over again.

St avy Procedun
e We randomly generate numbers: This is the Monte Carlo part

» We allow the numbers we generated to influence the next generated
number: This is the Markov chain

e We then decide if the new numbers generated are “moving in the
right direction”: The Acceptance-rejection algorithm

* We then check for convergence: We determine when our data has
converged to a reasonable distribution. The randomly generated
values after the convergence point become our posterior distribution



